AdaCluster: Adaptive Query-Key

Clustering for Sparse Attention in
Video Generation
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’ Forward Diffusion Process
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SpargeAttention: Accurate and Training-free Sparse Attention Accelerating Any Model Inference
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Algorithm 3 AdaCluster

Require: Query (), Key K, Value V, distance threshold 7,

Top-K parameter topk, max cluster count N,y

Ensure: AttinOut

1:

o

10:
11:

A,, C, < KMeans(Normalize(Q))
Ap.Cp, F' <+ MultiStageClustering( K, 7, Nynax)
if /' is True then

AttnOut < Attention(Q), K, V)
else

S <+ TensorQuest(Q), K)

Index < argtopk(S, topk)

K™ + K|Index|, V* < V|Index|

AttnOut + Attention(Q, K*, V™)
end if
return AttnOut
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